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SER model.py SCHFHIR) _ init pRE. (SERURASRITT, AN RTEMRE S ST UL)

3.2 grmcHil Hbs
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5EAY utils.py [#) generate proposal pRE{. (SERCHGERT, ANHLERS 5 SCF3 )
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LIRS
I WERARE A EE 6, EFE main.py, parse_args BREP T3 E —overfit_small data’ 25
‘True’, ‘—epochs’ & 200, BfJ5/230 main.py.
python main.py --overfit_small_data

GRsEn 2 B3I, IR h A iy nf AL Z RS R AFAE output_dir . IR
SENGRI R ALER S %, AR S BR324 R .

Training loss history

Jexp/fast_rcnn_overfit_small/visualize/000012.jpg
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SE G A SEIR LS , (0 DA fir 2 R Al A S5 YRR, SRS T B Zh PRAEAIEEL check-
point, WIHRARMEEFIZ, HeAE output_dir & MEREA checkpoint.
i WRARER R E S, E1E main.py, parse args B T3k E ‘“—overfit_small data’ A
‘False’, ‘—epochs’ & 50, BfiJ5 /=3 main.py.
python main.py --epochs=50

WZEsE a2 B S ORI i i, A DA i P BB P G5 8 AR fSE F H A
o AT 5538 H () PTAS HE A7 mAP)
i MR B E -G, W1E compute. mAP.py 28 15 47 P2 & —path’ XS 4 th SO
Je, ¢ Jexp/fast_renn’, 5838 compute_ mAP.py.

python compute_mAP.py --path=<output_dir>
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